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1. Introduction

There have been profound ideas on how to measure risk which have influenced the financial market.
Shortfall risk minimization is one of these methods which has attracted considerable attention. This
problem has been studied for the binomial model in Runggaldier et al (2000) and Runggaldier et al
(2002) and for the trinomial model in Scagnelatto and Vargiolu (2002). In this paper, we investigate
the shortfall risk minimization in a discrete regime switching model. In the model, we have two
possible regimes, which are both binomial. To fix the ideas, we can think of the second regime
as being the consequence of the presence of inside information, but this can also be due to other
factors. Explicit solutions for one-period models are given.

The binomial model has as limiting case the Black-Scholes model, c.f. Musiela and Rutkowski
(1997), while the trinomial model has limiting case a stochastic volatility model, c.f. Avallaneda
et al (1995). The discrete model used in this paper was introduced in Guo (1999) and was shown
to have as limiting case, the Black-Scholes model with Markov-modulated volatility, i.e. the Black-
Scholes model in which the mean and volatility are assumed to depend on a discrete-time finite-state
Markov chain. The Markov chain may be taken to model the presence of inside information or to
capture market trends as well as various economic factors.

The paper is organized as follows: In the first section, we introduce the discrete model in the context
of inside information and recall the concept of shortfall risk minimization. An alternative is to
locally minimize the expected shortfall by adopting myopic strategies, i.e. minmize the expected
shortfall over the following period. In the second section, we give explicit formulas for the local
expected shortfall and a numerical example in the multiperiod case of the difference between the
shortfall risk when the market is normal and the shortfall risk in the presence of inside information.

* Phone 1-815-753-6749, fax 1-815-753-1112, e-naailanou@math.niu.edu



2 Gerard Awanou

2. Model and Shortfall risk

The fluctuations of stock prices are modeled in a discrete time economy with trading:dates
0,1,2,..., N and with two primary traded securities: the stock and a risk-free asset, a bond. A tree
diagram can be found in [2], p. 9.

We begin by assuming that the distribution of information among investors is modeled as a discrete
time homogeneous Markov chain= ¢; which moves among two stateg; may model more
complex information structures if it is assumed to move among more states. \Afe det0 at

those times when people believe that they are well informedard1, when there is information
asymmetry and that a group of people may have inside information. Put

a1 = P(ei41 = 1leg, =1) and
apg — P(€t+1 = 0|6t = 0).

We also assume that the rate of return of the risky assgtisl with probabilityp; andd; — 1 with

probability 1 — p; when the market is normal,= 0, and when there is inside information= 1.

It follows that if we denote by;,(;k’e’“*l) the appreciation rates of the stock price, afidthe stock

price at timek, we have
X =

wheren,i’j are i.i.d. random variables taking valugswith probability
pi(8i1-j + (=1)"1 7 ay)
andd; with probability
(1= i) (611 + (=1)°1~7 ).
Hered; ; = 1if i = j andd; ; = 0 if i # j. We will use the notation

B(i, ) = 6i1—j + (—1)%1 ;.
Throughout the paper, we will assume that
0<dy<di <1<u < uy, QD

which implies that the rate of return is smaller when there is inside information.

In addition to the stock with pric&’;*, we are also interested in a risk-free asset with pHgeWe
will assume zero interest rate aflg = 1 so thatB;, = 1 for all k.

The underlying probability spacg?, F,P) is discrete with a filtrationF = (F,,),—o,... n. We
let Fx = F andF, be thes-algebra generated hy,*, k£ = 0,...,n. A portfolio strategy is an
adapted pai = (1, ¢¥n)n=o,.... N, Wheren, is the number of units of bondg,, the number of units
of the stock, the investor carries in the periedn + 1). We will assume thap is self-financing,
c.f. Pliska (1997). Under the self-financing assumpt{@n,),., is enough to characterize the trading
strategye. Denoting byV;, the value of the portfolio in the perida, n + 1)

Vo1 = N1 + Unt X000 = Vo + 0 (X — X0,

c.f. Runggaldier et al (2002).

Let H be a liability to be hedged at some fixed future titie The model considered in this paper
will be shown below to be incomplete. Hence it might not be possible to hedge exactly the claim.
On the other hand superhedging might require an initial capitat V(v) too high sinceVy =
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Vo + fo;ol wk(X;’ff — X;*). An alternative is to minimize the expected shortfall for an initial
capitalVy < Vj that is

J(EOa XO? Vb) = inf’l/JEAE)I;SO’VO{[HN - VN(¢)]+}> (2)

for a given initial distribution of informatiom, an initial priceX§° of the stock and a given initial
capital ;.

In particular we will be interested in the difference
‘](17 XOa ‘/0) - J(Ov X07 ‘/0)

between the shortfall risk when the market is normal and the shortfall risk in the presence of inside
information.

3. Local expected shortfall risk minimization

A classical approach to solve the optimization problem (2) is the use of dynamic programming. In
the binomial and trinomial models (which are special cases of the model considered here) explicit
solutions of the dynamic programming algorithm can be given under more or less restrictive as-
sumptions. However this is not possible for the regime switching model in the multiperiod case. We
have identified, with the help of numerical experiments, conditions under which explicit formulas
can be given in a one-period model. A numerical example in the multiperiod case is given at the
end of this section. As mentionned in the introduction, one can also adopt myopic strategies by
minimizing the local expected shortfall, that is the expected shortfall over the following period

J(en—1, X1, Vo) =iy, Efe - {[H(Xn) = Va(e)]},

We first give explicit formulas for one-period models, or the local expected shortfall. The analysis
reveals a number of measures which can be shown to be on the boundary of the set of equiva-

lent martingale measures. Defing = =%, ¢f = =4 rj = =4 = 120 g =
1—ug x _ 1—dg
wo—ar andsy = 7=2-, and set

E[H(XN)|Fr-1] = gH (Xn-1u0) + (1 — ¢§) H(Xn—1do)

and similar formulas foF?? [H (X n)| Fy_1], EFO[H(Xn)|Fn_1], B [H(XN)| Fn_1],
E%[H(XN)|Fn-_1] andES [H (X )| Fn-1] with ¢ replaced respectively byf, 7, r5, s ands3.

3.1. Explicit formulas in One-Period Models

Explicitly J(0, X,,—1, V,—1) is the minimizer over admissible strategie®f

§(0, X1, Vi_1,%) = po®(0,0)[H (Sy—_11u0) — Vo1 — ¥ Sn_1(up — 1)]*
+ (1 = po)®@(0, 0)[H (Sp-1do) — Vo1 — Sn—1(do — 1)]™
+ p19P(1,0)[H (Sp—1u1) — Vo1 — 9Sn—1(ug — 1)]F
+ (1= p1)@(1,0)[H (Sn-1d1) — Vo1 — Sn—1(d1 — 1)]*.
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This functional ofy is the sum of piecewise linear functions so the minimum is reached at the zeros

of these functions. They are
H(Sy—1ug) — Vi1

Y11 = S (o —1) Y12 =
 H(Sp—1u1) — Via B
Yp_13 = S 1w —1) Yn—1,4 =

H(Sy—1do) — Vi1

Snfl(do — 1) ’

H(Sp—1d1) — Vi

Snfl (dl — 1)

We simply need to compute the valuejoht those points. Recalling thag > u; > 1 > di > dy,
we have (omitting lengthy computational details):

1

: _p OEXLH(S,)|Foa] — Vaor]*

](0, Xn—la Vn—b wn—l,l) = @(O, 0)

45(1 0) [ESO[ (Sn)’]:n—l] - Vn—l]Jr

]__

1
+8(1,0) _’jl (B0 [H (S0)| Fa-a] = Vo],
0

.7(07 XTL—17 Vn—h wn—l,Q) = QS(O 0) q [EQO[ (Sn)’fn—l] - Vn—1]+
0

45(1 0) [ERI[ (Sn)’fn—l] - Vn—l]Jr
1

1—
+ B(1,0) LB [H(S,)| Famt] = Vo],

1

300, Xn—1, Vo1, ¥Pn-13) = —D(0, 0) OVt — ESO[H(S,) | F ]l
0

+ 2(0, O) 1_ ""1 [ERl[ (Sn)|Fn—1] = Vn71]+
+ (1, 0)1 B [H ()| o] = Vaoa]* and

= (0, 0) 2 [B™[H(S,)| Fya] = Vaa]*
0

— Do

1-s7

B(0,0)>— L0V, 4 — ES[H(S,)| Fa )]t

+9(1,0) 1[EQl[ (Sn)|Fna1] —

Vi)™

Remark 1In the above formulas, if the term in front of the minus sign is nonzero, the expression
inside the brackets turns out to be positive.

Recalling thatly < d; < 1 < u1 < ug, we have the following theorem

Theorem 1.Let H be a convex function. Fat j = 0,1 we have
ES[H(Sn)|Fn1] < E9[H(Sp)|Fo1] < B [H(S,)|Foi]
<EX[H(Sn)|For].
In general E% [H (S,,)|Fn_1], i = 0,1 and B [H(S,)|F._1], 7 = 0,1 are not ordered.
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Proof. Let f : I — R be a convex function and letb,c € I witha < b < ¢. Then

F) = fla) _ J() = f(@) _ fe) = f(b)

b—a - c—a - c—b

This implies thatf (a) > 4= f(b) + 2=2f(c), f(c) > =5 f(a) + &2 f(b) and f(b) < &L f(a) +

b=a #(c). Usingl < uy < upanddy < di < 1, we havell(S,_1) > E¥[H(S,)|F,—1] and H(S,_1) >
ES[H(S,)|Fn_1]- Next usingd; < 1 < uj we getH (S, 1) < EQ[H(S,)|Fn_1]. It follows
that E% [H (S,)|Fn_1] < E9[H(S,)|Fn_1], i = 1,2. Next it can be easily checked that for

a,b,c,d € I witha < b < ¢ < dwe have

c—b d—c c—a d—c

T fd) + S ) < ST )+ S fw)
P e+ S ) < S ) + S (),

Using the first inequality withly < d; < 1 < uganddy < d; < 1 < uy, we obtainEf [H (S,,)|F,_1] <
EQ[H(S,)|Fn_1] and EQ[H(S,)|Fn_1] < EF1[H(S,)|Fn_1]. Finally usingd; < 1 < uy <
uganddy < 1 < uy < upwe getEf1[H(S,,)|Fn1] < EQ[H(S,)|Fn_1] and EQL[H(S,)|Fn_1] <
ER[H(S,)|Fp-1]. O

A consequence of the previous theorem is thatif;, > E9°[H(S,)|F._1], then the local ex-
pected shortfall risk is zero.

We can now give an explicit formula for the local expected shortfall assuming that the initial capital
is not too small.

Theorem 2.Assume that
max (ERI [H(Sn”}—nfl]?ERo [H(Sn)|Frn-1]) < Va1 <E [H (Sn)|Fn-1],

then the shortfall risk in the last stage of the dynamic programming is given by

* 7k

— 4y 4

J(Ov Xn—ly Vn—l) = @(07 0) min <i P @> [EQO [H(Sn)’j:n—l} - Vn—l]'

Proof. We only need to comparé, Jo, J; and.J, where

J1 = ®(0,0)(1 — po)lffo__oio [EQ[H(S,)|Fn-1] — Vy1]
T2 = 00,0 L U B [H(S,)| Fo] ~ Vil
Js = 2(0,0)p07 1 Vas = BV [H(S,)|Foa]
T = 8(0,0)(1 = po) T2 W — BV H(S)| o]

Next it can be checked that

J3 > Jo <= Vy1 > EBH(S,)|Fn1]and Jy > J; <= V,_1 > E®[H(S,)|Fn1]. O
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The optimal strategy is given b¥,_; ; or %,_; 2 depending on the mimimum Q{% andg—i’. Itis
. . . . 0 0
immediate that in general under the assumptions of the theorem,

1 —po po

J(en—1,Xn-1,Vp-1) = ®(0,en—_1) min (1 o
— 4y 4y

) (B H (S,)| Fos] — Vo],

4. Numerical example for the shortfall in the multiperiod case

Let N = 2 and consider an European call option with strike pice= $45 on a stock whose value
at time 0 isX, = $50 independent of the value &f. With an initial capitall; = 6, take

ag =0.9,a; =0.3,pg =0.7,p1 =0.3,u9g = 1.1, do = 0.8,u; = 1.05, andd; = 0.9.

When the inital state is normal, the shortfall is found to be 0.7472 and in the first period one should
hold 0.8 units of the stock and in the second period depending on the values of the stock price
Xoug, Xodp, Xouq or Xodq, the holdings are respectively 1, 0.5, 0.9048 and 0.4444. In the presence
of inside information, the shortfall is 0.6619 and the corresponding holdings are 0.6001 in the first
period and 1.1817, 0.0002, 1 and 0.3334 in the second. The difference bef\(ieds, 6) and
J(0,45,6) gives an indication of the value of the informatieg) thus giving an edge if one can
determine that a group of people have inside information. We chose the initial capital high enough
to haveJ(1,45,6) < J(0,45,6).

5. Conclusion

We have investigated the problem of shortfall risk minimization in the presence of inside informa-
tion. It appears that the investor can take different positions which correspond to different amounts
of risk. It seems more practical due to the complexity of the problem to use instead local risk min-
imization. We believe that the discrete model investigated here should receive more attention since
regime switching models are gaining popularity in finance.
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